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A Study on Crack Extraction and Discrimination Method of
Concrete Structures Using Deep Learning

by

Sousuke TERANO* ,Akira DEMIZU*, Aoi KOGA** Kenya NAKASHIMA™* and Hiroshi
MATSUDA*

In visual inspection of concrete structures, it is basically necessary to observe the occurrence of

cracks. The current inspection method for concrete structures is that the inspector creates a sketch by

visual inspection.However, this method has many problems such as requiring enormous amount of work

time and amount of work and depending on the knowledge and experience of the inspector. The purpose

of this study is to automatically extract cracks (including crack width) on concrete surface from digital

images using image analysis techniques such as deep learning and transfer learning.
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